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DomainsIntroduction

GeNME: Generation of Near Miss Explanations Empirical Study

Types of explanations
General rule (R): global explanation of the concept a specific instance belongs to
Example (E): example-based explanation in form of a specific instance belonging to the concept
Near Miss (N): contrastive (negative) example with high degree of structural similarity to specific instance
Far Miss (F): contrastive (negative example with low degree of structural similarity to specific instance

Information needs
Understanding general concept
Understanding particular example instance for concept
Understanding what is not in the concept (exclusion)

Family

Arches

Predicates

Predicates

Counterfactuals are explanations in the form of negative examples for a concept that
only differ minimally from a given positive example.

You were denied a loan because your annual income was
£30,000. If your income had been £45,000, you would have

been offered a loan. (Wachter et al. 2017)

Such contrastive explanations were sucessfully applied in the image domain (e.g.
CEM, Dhurandhar et al. 2018; MMD-critic, Kim et al. 2016) but to our knowledge not
yet in relational domains.
Winston showed in 1970 that presenting near miss examples in a relational domain
results in faster learning. We propose what is effective for learning is also effective for
explaining a learned model. In this work, we present GeNME, an algorithm that
generates helpful near miss explanations for relational models.
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